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Better Call CLAUSE: A Discrepancy Benchmark for
Auditing LLMs Legal Reasoning Capabilities
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I8 Hidden Errors in Contracts Cost Millions

Delaware Corporate &
Commercial Litigation Blog

Highlights & Analysis of Key Decisions from Delaware's

A lack of an Oxford comma cost dairy $5 million
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Supreme Court & Court of Chancery — . : \ —_ —
Coinbase, Inc. v. Suski is a case that was decided by the Supreme Court of the United States on May 23,
r 2024, during the court's October 2023-2024 term. The case was argued before the Supreme Court of the
United States on February 28, 2024. In a 9-0 opinion, the court affirmed the judgment of the United States
Court of Appeals for the Ninth Circuit, holding that when parties have agreed to two contracts—one
sending arbitrability disputes to arbitration, and the other either explicitly or implicitly sending arbitrability
. . . disputes to the courts—a court should decide which contract is applied. Justice Ketanji Brown Jackson
Words Prevail Over Conflicting Numbers it bt ettt
in Contract HIGHLIGHTS |
« Theissue: The case concerned delegation clauses to arbitration agreements and the authority to
decide them. Click here to learn more about the case’s background.

Francis Pileggi on January 21, 2019 . : ond |
By ; iy ; 2 « The questions presented: "Where parties enter into an arbitrati Su '
R i i clause, should an arbitrator or a court decide whether that arbitrati preme Court 2024

later contract that is silent as to arbitration and delegation?"*

A High Stakes: Single omitted clause = $14.5M liability

(A) Data Preparation

Collection & Classification

e 500 CUAD + 335
ContractNLI Contracts

e Categories: Leases,
Joint Ventures,

Employment, NDAs

Persona-Based Prompting

e 10 categories

.~ \Q Blind Spots: LLMs miss subtle legal contradictions

© The Gap: No benchmark for real contract flaws

" The CLAUSE Generation & Validation Pipeline

Perturbed Docs ~

e Store altered contract + /
JSON metadata.
e Track original vs changed

LLM Cites Statutes (§) » Scrapes
Official Sources - Source

Verification - Validation

spans, prompt ID, persona.

e Internal Coherence Analysis -
Logic Conflicts -» Validation

(5inText + 5 legal) Al Supported Quality Validation
e Gemini 2.0 Flash with:

a) Al Persona Prompts:

compliance officers, legal
editors, adversarial counsel
b) Few-shot + CoT Reasoning

Fig 1. Detection F1 Score (%)

e Gemini-based RAG verification
e Binary Validation: Contradiction

YES/NO for semantic significance

e Context coherence assessment

|~ Key Findings: LLMs Struggle with Legal Reasoning

Fig 2. Miss Rate vs Extra Rate (%)

Gem 2.5

Gem 2.0

LLaMA

GPT-40

Best model misses 36% of issues

&lé 10 Perturbation Types Across 2 Dimensions

» Outer-Law (Statutory Violations) & In-Text (Internal Contradictions)
Ambiguity Vague compliance Ambiguity Conflicting defs
Omission Missing waivers Omission Missing refs
Misaﬁgned Term. Statutory deviation Misaligned Term. Undefined terms
Structural Flaws Buried disclosures Structural Flaws Broken cross-refs
Inconsistencies lllegal deadlines Inconsistencies Mutual exclusion

23,955 7,514 98.58% 0.98k

Total Perturbations Contract Files Expert Validation Inter-Annotator

& Dataset Breakdown

(C) Evaluation 23 955

Total Perturbations

CUAD Dataset 12,869 (54 %)
ORIGINAL + MODIFIED Contracts + JSONs ContractNLI 11,086 (46%)
CUAD Dataset: 4,711 JSON files, 12,869 1
NLI Dataset: 2,803 JSON files, 11,086 4.9K 51K 5.5K 4.6K 3.9K

Total: 23,955 Validated Perturbations

v= 3-Level Hierarchical Evaluation

Human Expert Evaluation

Is there a discrepancy? (Yes/No)

* Perturbation categories and accuracy Eval 1: Binary Detection
validated by Legal Expert
e Human Evaluation by 3 NLP Experts |

Eval 2: Classification
In-Text vs Outer-Law category

5-way type + explanation quality

3 Level Evaluation with 4 LLM Models | Eval 3: Granular Analysis

Eval 1: Binary Discrepancy Detection
e |dentifies if any discrepancy exists (Yes/No)

Models: GPT-40, Gemini 2.0, Gemini 2.5, LLaMA 3.3

Eval 2: Contradiction Classification Human Expert Validation

e Classifies as In-text vs. Outer-law 98.58% 0.98

Eval 3: Granular Discrepancy Analysis Valigation Rate Cohen's «

e L1 (Zero-Shot): Categorizes discrepancies
into 5 types (e.g., Ambiguities, Omissions)

3 NLP Experts » Legal Domain Review

Prompting Strategies Tested
e L2 (One-Shot): Refines analysis using a = Few-Shot

guided example for higher accuracy e 3 Examples

CoT Persona
Chain-of-Thought Legal Expert

L1—-L2 prompting comparison

GPT G2.0

G2.5

B Miss |} Extra

-
Fig 3. Explanation Quality (0-5) Fig 4. Law Match Accuracy
Avg. scores across all models
II 4.0+ <2.0 2.8 Maximum Achieved
LLaMA Clarity Completeness Legal Acc.
High fluency, low substance Models fail to cite correct statutes
J

EB Binary Detection F1Scores (CUAD Dataset) /> Law Match Accuracy by Model & Dataset (%)

Ambiguity 41.2
Inconsistency 42.5
Misaligned Term. 45.4
Omission 41.8
Structural Flaw 379

60.8

60.5

63.5

29.7

50.9

63.7

63.8

63.2

63.8

64.2

Best scores in bold. LLaMA fails on Structural Flaws (6.9%, underlined).

@ IMPLICATIONS

1) Benchmark Creation

53.5
53.9
53.9
7.3
52.2
GPT-4o0 Gem 2.0 Gem 2.5 LLaMA
6.9

oo . CUAD . ContractNLI

Even the best model (Gem 2.5) matches <14 % of law citations

2) Al Readiness

CLAUSE delivers the first comprehensive, human-validated Despite impressive linguistic fluency, today's LLMs completely

dataset containing 23,955

nuanced legal perturbations lack the depth of external legal reasoning and citation

specifically designed to stress-test adversarial legal reasoning. grounding required for unassisted deployment in high-stakes

contract review.




